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Abstract
Proficiency in the host country’s language is an important factor for the successful labor
market integration of immigrants. In this study, I analyze the effects of a language
training program for professional purposes on the employment opportunities of partic-
ipants in Germany. I apply an instrumental variable approach and exploit differences in
lagged local training intensities. Bivariate probit estimates show that 2 years after the
program started, the employment probability of immigrants who were unemployed in
2014 and participated in the program had increased by more than nine percentage
points as a result of language training.
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1 Introduction

The social and economic integration of immigrants is a major challenge for migration
policies. In most OECD countries, the labor market performance of immigrants lags
behind that of the native-born population (OECD 2016). A crucial factor shaping the
career success of immigrants is the acquisition of language skills in the destination
country’s language. Language proficiency is necessary to obtain information about jobs
and to be able to apply for a job. Moreover, many jobs—especially skilled jobs—
require language skills in the host country’s language so that workers can communicate
with supervisors, peers, customers, and business partners. Immigrants who speak the
local language are more likely to find a job and more productive on the job (Chiswick
and Miller 2014).
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In this study, I analyze a language training program for unemployed immigrants in
Germany and estimate employment effects for participants in 2014 up to 2 years after
the start of the course. This language course is unique in that it focuses on professional
aspects. Moreover, some of its features, like application training and work placements,
go beyond the contents of a pure language course and are comparable to active labor
market policy (ALMP) measures that bring participants into contact with the labor
market.

Numerous studies show that language skills are important for immigrants’ labor
market success. Chiswick and Miller (2014) provide a comprehensive overview of
research findings from different countries. Most studies analyze the effects of language
proficiency on earnings and find a positive impact (e.g., Bleakley and Chin 2004;
Chiswick and Miller 1995; Miranda and Zhu 2013; Ferrer et al. 2006; Budría and
Swedberg 2015; Di Paolo and Raymond 2012; Chiswick 1998; Dustmann 1994; and
Dustmann and van Soest 2001, 2002). Other studies also consider other labor market
outcomes, such as employment (Dustmann and Fabbri 2003; Yao and van Ours 2015)
and hours of work (Yao and van Ours 2015).

Given that the vast majority of studies find positive effects of language proficiency
on immigrants’ labor market success, formal language training could be a helpful
means to accelerate integration into the host country’s labor market. In contrast to the
extensive literature on the language skills of migrants and the clear evidence for
positive labor market effects, there is less evidence on the role of formal language
training, and the existing results are mixed. Hayfron (2001) analyzes the impact of
language training for immigrants in Norway and finds it improves language skills but
has no effect on earnings. Clausen et al. (2009) use Danish data on different active labor
market programs and language courses for newly arrived immigrants and show that the
improved language proficiency of language course participants has a positive impact on
the hazard rate to employment. Sarvimäki and Hämäläinen (2016) find positive
earnings effects of the introduction of integration plans for unemployed immigrants
in Finland, which, among other things, involved immigrants spending more time in
language courses. Åslund and Engdahl (2018) analyze performance bonuses in immi-
grant language training in Sweden and find no effects on average student achievement
but positive effects for specific groups. Lochmann et al. (2019) show that very basic
language training provided in France increases the labor force participation of immi-
grants but has no impact on employment or even on language proficiency.

Some studies attribute the observed absence of positive effects of language
training on employment (or earnings) to courses covering a very basic level of
language proficiency (Lochmann et al. 2019). Moreover, many previously adopted
integration measures, such as language courses, have not particularly been aligned
with the needs of the labor market (OECD 2017). One exception is the language
program I evaluate here. I contribute to the literature by estimating causal effects of a
unique language training program with a strong focus on employment-related topics.
The program teaches job-specific vocabulary and applications (e.g., writing appli-
cations or emails to business partners) of the German language. The language
program ends with an internship, during which the participants come into contact
with the job market and can directly apply their newly acquired language skills. The
internship also provides an opportunity to establish contact with potential employers
(BAMF 2013).
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Evidence on other ALMP programs shows that programs that are closely linked to
the labor market, such as wage subsidies and work experience programs, are especially
effective in improving immigrants’ labor market prospects (Rinne 2013; Butschek and
Walter 2014). For example, Clausen et al. (2009) find that among different active labor
market programs for immigrants in Denmark, only wage subsidies increase the hazard
rate into regular employment. Thus, combining language training with labor market
contact could make the language program studied here especially effective.1

For the analysis, I use high-quality administrative data from the German Federal
Labor Agency (FEA). In addition to information on participation in language training,
the data include detailed information on the employment and unemployment histories
of workers and their individual characteristics. As language skills are not observed in
my data, I apply an instrumental variable approach to address unobserved heterogene-
ity. I use the exogenous variation in local language training intensity at the regional
level, which is the job center level in my case.2 Differences in local language training
intensities can be caused by differences in local labor market conditions but also by
differences in job centers’ policy styles. The underlying premise of this approach is that
local decision makers at job centers have broad discretionary power in regard to the
implementation of different labor market programs. As there are no concrete assign-
ment rules, local job centers can choose their individual mix of programs, which is
partly determined by their individual experiences and preferences. Policy styles vary
between job centers and affect the probability of being assigned language training but
are exogenous to jobseekers’ labor market outcomes. After controlling for regional- and
individual-level confounders, residual variation in language training intensity reflects
the policy styles of job centers. Several studies have exploited regional variation in the
policy styles of employment agencies and partly used an instrumental variable ap-
proach to analyze the effects of several labor market programs (Frölich and Lechner
2010; Lechner et al. 2013; Markussen and Røed 2014; Boockmann et al. 2014; Dean
et al. 2015; Caliendo et al. 2017; Eppel 2017; Dauth 2020). Following this approach, I
identify causal effects by addressing selection into the studied program based on
unobservable characteristics.

I find that the language training program for professional purposes examined here
increases participants’ employment probability by more than 9 percentage points after 2
years. In comparison to results found in other studies on language training, this is a
highly positive effect, which may be explained by the program’s strong orientation
towards the needs of the labor market and its practice-oriented design, which includes
an internship. Although there is no significant effect on cumulated employment and
earnings 2 years after the start of the program because of a strong lock-in effect during

1 Two studies also consider language training for professional purposes but may fail to identify causal effects.
For refugees in Germany, Brücker et al. (2016) find a positive correlation between language training and
employment probability. Walter et al. (2014) apply a matching approach to estimate the effects of language
training. As the language skills of immigrants are not observed in their data, they argue that using a wide range
of observable characteristics should capture differences in the initial language proficiency of participants and
nonparticipants. They find no effect on the employment chances of participants up to 18 months after the start
of the program. However, if language skills are not fully reflected by observable variables, the estimated
effects will be biased.
2 Participants of the language course for professional purposes must either be registered as job seeking with a
local employment agency or with a local job center. As the large majority of participants in the program are
registered with job centers, I limit my analysis to this group. See Section 2 for more details.
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language training, the analysis shows that participants are more likely to find stable and
substantial employment. Subgroup analyses show that the early provision of language
programs benefits the labor market integration of immigrants.

The paper is organized as follows. Section 2 describes the institutional setting consid-
ered, followed by a description of the data used for the empirical analysis and of
descriptive statistics provided in Section 3. Section 4 presents the econometric approach
employed. Section 5 presents the empirical results and Section 6 concludes.

2 Institutional setting

Despite a long history of immigration, it was not until the 2000s that Germany
acknowledged that it is a country of immigration. The Immigration Act of 2005
fundamentally reformed the immigration law and established integration as a govern-
ment responsibility. Since then, immigration laws have been liberalized, at least for
qualified migrants. The EU Blue Card, which was introduced in 2012, enables skilled
workers from non-EU countries to work in the EU, whereas, due to the freedom of
movement, citizens from EU member states face no restrictions on their access to
employment or self-employment in Germany.

To facilitate the social and economic integration of asylum seekers with good
prospects of remaining in the country, barriers to entry into the labor market have been
gradually removed in recent years. After staying in Germany for 3 months, asylum
seekers are allowed to work with the approval of the Federal Employment Agency.

If they have a work permit, similar to the situation in many other OECD countries, in
Germany, foreign-born residents are more often affected by unemployment than native-
born residents (OECD 2016). In 2014—the year I observe the participants—the
unemployment rate of foreign-born residents was 14.3% compared to the unemploy-
ment rate of native-born residents of only 6.0%.3 To integrate unemployed immigrants
into the German labor market, the German Federal Employment Agency (FEA) and
German Federal Office for Migration and Refugees (Bundesamt für Migration und
Flüchtlinge, BAMF) work closely together. Both institutions are responsible for several
different measures designed to help immigrants with a work permit to enter the labor
market. While the FEA mainly provides different active labor market policy (ALMP)
programs such as training, wage subsidies or subsidized employment schemes, which
often are not specifically targeted at immigrants, the BAMF offers different language
programs. In addition to introduction programs—the so-called integration courses
introduced in 2005—the BAMF is responsible for a language training program that
provides language skills for professional purposes started in 2009 called the ESF-
BAMF program.4 This program is intended to help immigrants achieve a high enough
level of language proficiency to enter the German labor market. At local employment
agencies or job centers, caseworkers responsible for jobseekers can assign them to a
language course when jobseekers’ German skills are insufficient. Although the

3 Statistik der Bundesagentur für Arbeit. The most current figures for 2019 show similar differences (foreign-
born: 12.3%, native born: 4.0%).
4 The program was discontinued in 2017, but to a large extent, its contents were transferred to the vocational
German language promotional program of the BAMF, a program which started in July 2016 and became a
standard instrument of the Federation’s language promotion.
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proposal to participate in the course may also come from the jobseeker, the final
decision on assignment to language training is made by the caseworker. However,
the final decision on participation lies with the educational institution, which can
exclude a person who does not pass the placement test (Walter et al. 2014).

There are several preconditions for participating in the program. First, potential
participants must have basic German skills but not enough language proficiency to find
a job. To participate in language training for professional purposes, a language level of
at least A1 (beginner) under the Common European Framework of Reference for
Language is required: this level is regularly achieved through a prior integration course.
Most immigrants are entitled to participate in such an integration course. However, a
local immigration office or job center can also oblige clients with particular integration
needs to participate. The integration course primarily focuses on language training (600
lessons). The course ends with a final examination, and participants pass the course by
achieving a language level of up to B1 (intermediate level) under the Common
European Framework of Reference for Languages. Between 2009 and 2016, approx-
imately 56% of the participants finishing the course passed the language examination
with a language level of B1, approximately 35% completed the course with a lower
language level of A2 (elementary level), and only approximately 9% did not reach this
level (BAMF 2017). Thus, most of those finishing an integration course have basic
language skills, which, however, may not be sufficient to enable the participants to find
a job, possibly requiring them to pursue additional language training such as the
language training program for professional purposes.

Potential participants of the language course for professional purposes must be
registered as jobseekers and can receive either unemployment benefits through the
unemployment insurance benefits system or welfare benefits. Unemployed people are
only eligible for unemployment benefits after a period of contributory employment.
They regularly receive unemployment benefits for up to 1 year and are registered with
an employment agency. Unemployed people who are not eligible for unemployment
benefits are supported by job centers and receive welfare benefits. The majority of
participants in the program are welfare benefit recipients and are registered with job
centers. Moreover, potential participants must have a migration background, but
nationality and the date of immigration are irrelevant. Finally, they must have fulfilled
the mandatory schooling requirements.

The language training program has different components: German language train-
ing, professional skills building, and work placements. The language training is
designed to provide language skills required to, for example, write job applications
or communicate with customers or clients and colleagues. Professional skills building
involves specialized teaching such as job application training, training in vocational
issues, or IT training. Finally, work placements and visits to firms are intended to help
participants learn more about a certain profession. Thus, participants not only learn how
to communicate in German but also come into direct contact with the labor market,
enabling them to apply their learned language skills in a professional environment.
Experience reports from participants show that German lessons play an important role,
as initial language skills are often not sufficient for employment in the German labor
market. However, the internship component is also very important. Some participants
report that after the internship, they received an offer for a job or for apprenticeship
training directly from the employer with whom they completed the internship (BAMF
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2013). The program includes up to 730 lessons, and the whole program usually
involves 6 months of full-time study. Alternatively, the program takes 12 months of
part-time study to complete. On successfully completing the course, participants obtain
a certificate of attendance.

3 Data and descriptive statistics

3.1 Data and sample selection

For the empirical analysis, I use administrative data provided by the Institute for
Employment Research (IAB). The main data are drawn from the Integrated Employ-
ment Biographies (IEB), which is a merged database combining the individual records
of different administrative sources of the FEA. The records contain information on all
employment episodes (except for self-employment), job search episodes, receipt of
transfer payments made during unemployment, and episodes of program participation.
Moreover, the data cover a wide range of individual characteristics and provide
information on job types and wages for employment periods (see Dorner et al. 2010
for more information on the IEB).

Moreover, I use supplementary data from employment biographies collected retro-
spectively during meetings with jobseekers and caseworkers (Werdegangshistorik,
WGH). These data include information on participation in one of the language courses
provided by the BAMF, in integration courses and in language training for professional
purposes. Furthermore, they may include information on episodes with missing data
from the IEB such as episodes of self-employment or parental leave. When no WGH
information on episodes with missing data in the IEB is available, this can represent
periods without participation in the labor market or may denote that workers have
returned to their home countries or emigrated to another country (and may have
returned to Germany at a later date).

The WGH data are also advantageous in that they may provide information on
education and employment abroad. As a considerable share of individuals in the sample
are observed in the IEB only for a short period, this additional information on prior
employment in foreign countries (before individuals are observed in the IEB) can be
helpful for modeling previous employment histories.

Since the data are based on persons’ unemployment and employment notifications,
my sample only includes immigrants who already have a work permit and are active in
the German labor market. This is not a limitation in this case, as only this group of
immigrants is eligible for the language training program.

None of the data includes information on the migration backgrounds or home
countries of the individuals, but information on nationality is included in the IEB.
Thus, in my empirical analysis, I use this information as a proxy for the home country.
If an individual has German citizenship at the analysis point of time, I go back in time
and use the modus of all spells with non-German nationality as a proxy for the home
country of an individual with a migration background. Nationality plays no role in
eligibility, and approximately 11% of all participants included in the data have spells
with German citizenship only. These can be second-generation migrants with German
citizenship or ethnic German immigrants from Eastern European countries acquiring
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their German citizenship upon entering Germany (and thus who have always had
German citizenship according to the IEB data).

The data also do not include any information on the date of migration. As the time
since migration is an important determinant of language skills, I use the duration from
the first observed spell in the IEB data as a proxy for length of stay in Germany. This
variable reflects the duration since entry into the German labor market and is correlated
with the elapsed time since migration. Moreover, I generate a dummy variable that
equals one when the age at entry in the German labor market (age at first observation in
the administrative data) is less than 30 years.

For my analysis, I use the total population of participants who started language
training for professional purposes in 2014. I can follow those in the sample to the end of
2016. Thus, with a regular course duration of 6 months, I observe the participants for at
least 1.5 years after they finished the language training and 2 years after they started the
course. I choose the start of the training as the starting point for my estimations and
report the results of the outcome variable for up to 2 years after this point in time.

In addition to the participants’ data, I draw a random sample of non-participants with
at least one period of non-German citizenship in the data to identify those with a
migration background. To make the participants and non-participants comparable, I
exclude all participants with German nationality only. Although I know that the
participants have a migration background and a need for language training even if I
only observe German citizenship throughout the observation period, it is impossible to
distinguish between those with and without a migration background for non-
participants with German citizenship only.

I construct monthly data, and for the non-participants with multiple months in
unemployment, I randomly choose 1 month as a starting point for the analysis. The
IEB covers variables indicating whether a jobseeker is supported by an employment
agency (and probably receives an unemployment benefit) or by a job center (and
receives welfare benefits). As the vast majority of the individuals (more than 80% of
the participants and non-participants) are clients of job centers, I focus on this group of
unemployed people. I also exclude individuals who are in employment or participating
in any active labor market policy measure or integration course at the starting date and
individuals with missing information on important covariates.

The data indicate that the participants migrated later than the non-participants did, as
the mean duration since the first observation in the raw data is more than 169 months
for the non-participants and thus much longer than that for the participants (80 months).
To make participants and non-participants more comparable with respect to their
migration history, I remove all individuals whose first spell in the IEB data started
more than 25 years ago and stratify the estimation sample with respect to that variable.5

5 I divide the sample into 20 strata. Cutoff points are chosen according to the distribution of the variable for the
treatment group. Each of the 20 strata includes approximately 500 treatment group observations. Within each
stratum, I randomly choose 3 control observations (the maximum in the stratum with the fewest control
observations) for the estimation sample. The distribution of the variable indicating the duration since the first
observation in the data can be found in Appendix Figure 2. The distribution for control observations is very
different to the treatment group in the raw data but very similar in the final stratified dataset. In the final
sample, the mean duration since the first observation in the IEB data is approximately 77 months. This is close
to the mean duration for participants in the raw data (80 months), as I mainly lose observations for
nonparticipants when restricting the sample to individuals whose first spell in the IEB data started more than
25 years ago.

Employment effects of language training for unemployed immigrants 725



Due to the definition of my instrument, I do not include individuals with a
(hypothetical) language training start in January 2014 in the estimation sample (see
Section 4.2). However, information on these participants is used to construct the
instrument. The final estimation sample includes 35,431 individuals who were unem-
ployed at least once between February and December 2014. In total, 8968 of them are
participants.

In addition to individual-level data, I include variables of the regional level (district
or job center level) from the Statistics of the German Federal Employment Agency and
the German Federal Statistical Office. These data are used to control for differences in
local labor market conditions and cover, e.g., the unemployment rate of natives and
foreign-born individuals, the GDP per capita, the age structure of the population, and
the number of unemployed persons per vacancy.6

3.2 Descriptive statistics

Table 1 presents the mean values of selected socio-demographic variables for the final
estimation sample.7 At 38%, the share of men of the participants is much lower than
that of the non-participants (45%). Moreover, participants are on average almost 3
years older than the non-participants are. With regard to education variables, the
language training participants seem to represent a positive selection of the unemployed
immigrants. They have more advanced schooling degrees and more often have a
vocational or university degree. A total of 30% of the participants come from other
EU countries, and 25% come from Near Eastern and Middle Eastern countries whereas
the second most important region of origin among non-participants (after EU countries)
is Turkey.

Although the socio-demographic variables indicate that the participants have more
favorable characteristics with regard to education, Table 1 also shows that they do not
seem to perform better in the labor market. Both during the last year and the prior 5
years before the (hypothetical) start of the program, they spent less time in employment
than the non-participants. The participants were also unemployed longer and received
unemployment benefits for more days in the past. However, participants spent more
days in employment outside Germany over the last 5 years. As the sample is stratified
with respect to the duration since the first observation in the data, these differences are
not caused by differences in the time of entry into the German labor market. Non-
participants seem to be somewhat better integrated into the German labor market. It
may also be that qualified immigrants try to find a suitable qualified job, which takes
longer and can lead to longer periods of unemployment in the data. Finally, for
language training participants, the share of individuals who had taken a previous
integration course is 65.8%, which is much higher than that for the non-participants
(23.9%).

Finally, the lower part of Table 1 shows mean values for the outcome variable
employment subject to social security contributions. Six months after the (hypothetical)
start of the program (at the regular end of the course), the share of employed partici-
pants (6.0%) is lower than the share of employed non-participants (13.6%). After 2

6 For a complete overview of the regional variables used, see Appendix Table 11.
7 For the mean values of all control variables used in the estimations, see Appendix Table 11.
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Table 1 Mean values of selected individual variables

Participants Non-participants

Socio-demographic characteristics

Male 0.376 0.449***

Age (in years) 36.101 33.318***

School-leaving degree

No secondary degree 0.223 0.257***

Lower/middle sec. degree 0.408 0.529***

Higher secondary degree 0.369 0.214***

Vocational degree

No vocational degree 0.625 0.729***

German/unknown voc. degree 0.057 0.105***

German/unknown university degree 0.030 0.025***

Foreign vocational degree 0.132 0.077***

Foreign university degree 0.156 0.064***

Region of origin

EU countries 0.295 0.329***

Turkey 0.108 0.204***

Russia 0.065 0.036***

Other European countries 0.071 0.109***

North Africa 0.035 0.035

Other African countries 0.069 0.045***

Near/Middle East 0.246 0.177***

Other Asian countries 0.076 0.046***

America, Australia 0.036 0.019***

Labor market history

Labor market history 1 year prior to (hypothetical) start of training

Days in employment 25.421 33.825***

Days in job search 294.426 246.220***

Days with unemployment benefit receipt 18.444 13.908***

Days with unemployment benefit II receipt 298.939 252.726***

Labor market history 5 years prior to (hypothetical) start of training

Days in employment 161.711 169.501*

Days with job search 932.607 826.067***

Days with unemployment benefit receipt 40.176 37.728*

Days with unemployment benefit II receipt 940.603 842.649***

Days in employment in foreign country 135.151 87.165***

Integration course in the past (yes=1) 0.658 0.239***

Outcome

Employed 6 months after (hypothetical) start of training 0.060 0.136***

Employed 24 months after (hypothetical) start of training 0.271 0.245***

N 8968 26,463

Source: IEB V12.01.00, WGH V01.01.00-201604

Note: All numbers are shares unless otherwise indicated. */**/*** indicate significant differences of mean
values between participants and non-participants at the 10%/5%/1% level
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years, 27.1% of the former language training participants have found a job, which is
slightly higher than the share of employed individuals among the non-participants
(24.5%).

The mean values of selected regional control variables for participants and non-
participants are shown in Table 2. In comparison to non-participants, participants live
in more densely populated regions with lower GDP per capita values, higher unem-
ployment rates, and higher numbers of unemployed persons per vacant job. However,
the share of foreign-born individuals is lower in these regions as well as the share of
low-skilled individuals among the foreign-born and the share of unemployed who
participate in active labor market policy (ALMP) programs, e.g., training schemes or
wage subsidies. There are also some differences with respect to the intensity of different
ALMP measures for the foreign-born unemployed.8

4 Econometric approach

4.1 Local treatment intensity as an instrumental variable

Although I have very rich data that cover not only a variety of socio-demographic
characteristics but also the detailed employment histories of individuals and variables
on the regional level, my data provide no information on language skills. To identify
the effect of language training on employment, I estimate the following binary probit
model:

P Y i ¼ 1ð Þ ¼ ϕ X iβ þ Rjγ þ Tiθþ ui
� �

; ð1Þ

where i denotes the individual and j denotes the job center. Yi is the binary outcome
variable employment subject to social security contributions (regular employment), Xi

is a vector of individual covariates, Rj is a vector containing the regional control
variables, and Ti is a dummy variable indicating participation in language training.
Every month after the (hypothetical) start of the course, I measure employment up to 24
months after treatment start.

Unobserved language proficiency and other unobserved factors such as motivation
are correlated both with the employment opportunities of immigrants and with partic-
ipation in language training:

Cov Ti; ui≠0ð Þ: ð2Þ

As those who need language training should also have worse employment prospects,
the effect is likely to underestimated if I cannot sufficiently control for language skills.
However, other unobserved variables may work in the other direction. For example,
more motivated workers are more likely to find a job and may also be more willing to
participate in language training. To overcome endogeneity problems and estimate

8 The ALMP intensities are calculated the same way that language training intensity is calculated (see
Section 4.2). These measures are part of the regular active labor market policy measures of the Federal
Employment Agency and not specifically designed for immigrants and do not include language courses.
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consistent effects, I apply an instrumental variable approach. Therefore, I must find an
instrument Z that affects the treatment probability of an individual but not the outcome
of interest. Then, the first-stage estimation of the two-stage least squares estimator is
written as follows:

P Ti ¼ 1ð Þ ¼ ϕ Ziδ þ X iαþ Rjπþ εi
� �

: ð3Þ

I argue that the local treatment intensity is an appropriate instrument. To prevent the
participants from directly contributing to their respective instrument values, I use the
lagged values of the monthly treatment intensity as an instrument. To calculate the job
center–specific lagged monthly treatment intensity for month t=2,…,12 in 2014, I
divide the number of participants at job center j in month t−1 by the average number
of foreign-born unemployed people registered with job center j in month t−1:

Zjt ¼
N participantsjt−1

N unemployed foreign bornjt−1
: ð4Þ

As I only have data on the number of individuals entering the program in 2014, I
cannot calculate the lagged instrument for participants in January and thus exclude
them from the main estimations. The mean lagged monthly language training intensity

Table 2 Mean values of selected regional variables

Participants Non-participants

Unemployment rate of foreign-born 19.495 18.654***

Unemployment rate of native-born 8.849 8.220***

Share of foreign-born among unemployed 0.341 0.357***

Share of foreign-born in labor force 0.158 0.162***

Share of low-skilled among foreign-born 0.560 0.567***

Number of unemployed per vacancy 7.479 6.789***

Share of unemployed entering ALMP programs 0.060 0.062***

GDP per capita 42,257.76 43,025.41***

Population density 2082.819 1784.332***

Intensity of ALMP measures for foreign-born

Placement budget 0.207 0.211*

Activation/integration measures (provider) 0.038 0.039***

Activation/integration measures (employer) 0.191 0.203***

Training 0.045 0.043***

Wage subsidies 0.016 0.015**

Job creation scheme 0.039 0.038**

N 8,968 26,463

Source: IEB V12.01.00, WGH V01.01.00-201604. Statistics of the German Federal Employment Agency;
German Federal Statistical Office. Own calculations

Note: */**/*** indicate significant differences of mean values between participants and non-participants at the
10%/5%/1% level
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of job centers in the sample is 0.008 with a maximum of 0.359, and 430 of 2706
monthly job center observations (2804 individuals) in the sample have a language
training intensity of zero.

As I control for local labor market conditions Rj (and also for individual
differences between clients), the instrument only reflects the remaining differences
in job centers’ policy styles. In the selection of different labor market programs, job
centers have broad discretionary power, which is partly determined by their
experiences and preferences. A caseworker who is responsible for unemployed
individuals with migration backgrounds can adopt different ways to integrate them
into the labor market. The possibilities depend on the chosen combination of policy
used by the local job center. Different job centers use different strategies and focus
on different types of ALMP programs. Some job centers may focus on rapid labor
market integration by finding low-skilled jobs that do not require strong language
skills while others may mainly assign the unemployed to regular ALMP programs
and others may give priority to improving language skills. Walter et al. (2014)
provide evidence for heterogeneous assignment practices at the job center level.
Their interviews with providers of the language courses show that job centers in
different regions with similar local labor markets and similar shares of immigrants
used the program to very different extents.

Nevertheless, job centers, which use language training more intensely, may
generally care more about unemployed immigrants or may be those with a better
reputation and network and may provide also other services for this group more
frequently. If this is the case, different measures used by job centers to reintegrate
unemployed immigrants should be correlated with language training intensity and
thus must be considered in the analysis. Table 2 shows that although there are
significant differences between the participants and non-participants with respect
to the use of different ALMP measures for the foreign-born unemployed, these
differences are small, and three of six ALMP intensities are on average higher
among the non-participants. Thus, job centers responsible for the language training
participants do not seem to place more emphasis on supporting the foreign-born
unemployed than those responsible for non-participants. All ALMP intensities are
also included in the estimations in the following sections.

As I use a binary outcome variable and a binary endogenous treatment variable, I
apply a bivariate probit model to estimate the effects of participation in language
training on employment probability with clustered standard errors at the job center
level. Another approach to estimating causal effects with such a model involves
disregarding the binary structure of the outcome and treatment variable and using a
linear instrumental variables estimator. In this case, one does not estimate the average
treatment effect but the local average treatment effect (Imbens and Angrist 1994).
Chiburis et al. (2012) show that for a model with covariates or a low or high share of
treated individuals, the bivariate probit model usually outperforms the linear IV.

9 Appendix Table 11 shows the mean values of for monthly job center observations with low and high training
intensities (split at the median) separately. The differences mostly go in the same direction as the differences
between participants and non-participants, but are less pronounced, especially in the socio-demographic
characteristics.
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4.2 Plausibility of the instrumental variable conditions

To be a valid instrument, local residual training intensity must be correlated with
language training (relevance, cov(Z, T|X, R)≠0) and, other than through training, must
not affect the outcome variable employment (exogeneity, cov(Z, u)=0).

The relevance of the instrument can be seen from the first-stage results, which are
reported and discussed in Section 5 where I present the results of the empirical
analyses.

As a second assumption, the instrument must not have a direct impact on the
outcome variable and must be uncorrelated with any other determinant of the
dependent variable, which means that residual language training intensity at the
job center level must not affect the employment probability of individuals other
than through language course participation. A violation of this assumption
occurs if individuals are aware of a job center’s training intensity and intensify
their job search to avoid being assigned language training. Individuals might
also reduce their efforts to find a job if they prefer to participate in the language
program and expect a high assignment probability. Moreover, they may move to
other regions with lower/higher training intensity. As explained above, the
residual training intensity should reflect the preferences/policy styles of job
centers. The policy style of a job center is not communicated and hence
unknown to individuals. Thus, it is very unlikely for unemployed individuals
to change their behavior due to the actual (unobserved) training intensity at their
job centers. For an individual, it is even more difficult to assess the level of the
training intensity at a job center relative to others. In addition to applying these
assumptions, I follow Caliendo et al. (2017) and apply a regression analysis
where I adjust language training intensity Zj for regional economic and labor
market conditions:

Z j ¼ Rjρþ ν j: ð5Þ

Residuals νj from the regression of instrument Zj on regional characteristics Rj should
then only reflect the job center–specific policy style and local preferences for the
program. Conditional instrument bνi is then regressed on observed individual charac-
teristics Xi:

bν j ¼ X iτ þ μi: ð6Þ

If these characteristics do not affect residual training intensity, the instrument
creates exogenous variation in language training participation decisions that can-
not be explained by observable differences between participants and non-
participants.

The upper section of Table 3 shows the results of the regression of instrument Zj on
regional characteristics Rj. With an adjusted R2 of 0.453, regional characteristics explain
a majority of the variation in local language training intensity. The lower part of Table 3
presents the number of significant coefficients and the adjusted R2 of the second
regression where the first column also shows the R2 and the number of significant
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Table 3 Effect of observed individual characteristics on the (conditional) instrument

Regression of instrument Zj on regional characteristics Rj

Unemployment rate of foreign-born 0.001***
(0.000)

Unemployment rate of native-born −0.001***
(0.000)

Share of foreign-born among unemployed −0.043***
(0.002)

Share of foreign-born in labor force 0.056***
(0.004)

Share of low-skilled among foreign-born −0.006*
(0.001)

Share of women among foreign-born 0.028***
(0.002)

Share of foreign-born among different age groupsa ***

Share of foreign-born from different regions of origina ***

Number of unemployed per vacancy −0.000***
(0.000)

Share of unemployed entering ALMP programs −0.012***
(0.002)

Job center–specific treatment intensities for different ALMPs for immigrants

Placement budget −0.004***
(0.000)

Activation/integration measures (provider) 0.002
(0.002)

Activation/integration measures (employer) −0.002***
(0.000)

Training −0.004**
(0.002)

Wage subsidies 0.059***
(0.005)

Job creation scheme 0.016***
(0.002)

Share of working population in different sectorsa ***

GDP per capita (10,000−1) 0.000**
(0.000)

Population density (10,000−1) 0.006***
(0.001)

Adj. R2 0.453

Regression of (conditional) instrument Zj/vj on observed individual characteristics Xi

Zj vj
Number of significant coefficients (5% level) 50 (out of 147) 13 (out of 147)

Adj. R2 0.045 0.002

Source: IEB V12.01.00, WGH V01.01.00-201604; Statistics of the German Federal Employment Agency;
German Federal Statistical Office. Note: Estimation includes federal state dummies and time fixed-effects.
Variables Xi include socio-demographic characteristics, labor market history, and time fixed-effects. */**/***
indicate significant marginal effects at the 10%/5%/1% level. Standard errors are in parentheses and clustered
at the job center level. a Coefficients are jointly significantly different from zero. The categories for these
variables can be found in Appendix Table 11

J. Lang732



coefficients of the regression of unconditional instrument Zj on Xi. With an R2 of 0.045,
individual characteristics already only explain a small share of the variance of
unconditional instrument Zj. Nevertheless, the number of significant coefficients and
R2 decline when regional characteristics are considered. Only 13 of 147 coefficients are
still significant, and they only explain 0.2% of the variance in conditional language
training intensity. Residual language training intensity (and even unconditional
language training intensity) is hardly correlated with the individual characteristics.
Thus, after controlling for factors reflecting local labor market conditions, differences
with respect to observed characteristics of jobseekers do not influence local policy
style. Nevertheless, I also control for these individual characteristics in the instrumental
variable analysis.

5 Empirical results

5.1 Main results

I estimate the effects of the language training program on employment probability
for each month up to 24 months after the treatment starts.10 For the main specifica-
tion, I concentrate on regular employment, i.e., full-time or part-time employment
subject to social security contributions. In addition to socio-demographic control
variables and variables for detailed labor market history up to 5 years before the
(hypothetical) start of language training, I include variables for labor market status
prior to the (hypothetical) start of language training, dummy variables for the
duration of the current unemployment period and variables indicating the time
elapsed since the first spell in the data. I also have variables for the last occupation
and the skill level of the last job and dummies for individuals who did not work
before. At the regional level, in addition to the variables included in Table 2, I
control for the industry composition, the age composition of foreign-born individ-
uals, and their composition with respect to the region of origin. Moreover, I include
calendar month dummies.

I use the described IV approach and estimate a bivariate probit model with lagged
monthly language training intensities as an instrument. I also estimate a probit model
without taking the endogeneity of participation in the language course into account.
Figure 1 shows the results for both models for each month after the (potential) start
of language training. Detailed results for months 6, 12, 18, and 24 can be found in
Table 4. 11

10 As I only have information on the actual duration of the course and not on the planned duration, I do not
differentiate between full-time (approx. 6 months) and part-time (approx. 12 months) language training
courses in the analysis. If I were to split the sample by language program length, I would not be able to
distinguish participants attending a part-time course and leaving after at most 6 months from those completing
a full-time course. Dividing the sample and running estimations separately for courses with an actual duration
of up to 6 months and of more than 6 months shows similar results. The lock-in effects are naturally somewhat
more pronounced for part-time courses, but for the end of the observation period, they are somewhat higher.
11 The full estimation results are available from the author upon request.
12 Bootstrapped standard errors for the bivariate probit model are only slightly different and lead to the same
conclusions about the significance of the effects.
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The results of both models show strong lock-in effects (see Fig. 1). Participation in
language training significantly reduces employment probability for more than 1 year
after its start. With a regular duration of 6 months of the course in full-time study, the
negative effects reach their maximum of approximately −10 to −7 percentage points 5
months after the (hypothetical) start of the language course. Afterwards, the employ-
ment effects of language training increase and become positive after approximately 18
months in both models. The results of the bivariate probit model show that after 24
months, participation in language training increases the employment probability of
immigrants by 9.4 percentage points (see Table 4).12 As the employment share of non-
participants after 24 months is 24.5%, this is a large effect of 38%. As mentioned
above, the program consists of different parts and, in addition to language training,
includes firm visits and an internship. Unfortunately, with the data at hand, there is
no possibility to disentangle the employment effects of the language training from
the employment effects of the practical part. Although it is likely that the combina-
tion of both is beneficial for the employment prospects of the participants, it is not
possible to identify the relative contributions of the different components of the
program.

With regard to the relevance of the instrument, Table 4 shows that the lagged local
training intensity has a very strong impact on the probability of participating in
language training. In all estimations, it is highly significant. An increase in the lagged
language training intensity by 1 percentage point increases the probability of partici-
pation by 2 percentage points. At least for the later months, a Wald test shows that
endogeneity is present and that the IV approach is appropriate.

12 Bootstrapped standard errors for the bivariate probit model are only slightly different and lead to the same
conclusions about the significance of the effects.
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Fig. 1 Marginal effects of language training on regular employment. Source: IEB V12.01.00, WGH
V01.01.00-201604; Statistics of the German Federal Employment Agency; German Federal Statistical Office.
Note: Dots and triangles indicate significance at the 5% level. Standard errors clustered at the job center level

J. Lang734



A comparison of the effects of the IV and probit models shows that taking
endogeneity into account has a strong impact on the results. For the last 6 months
of the observation period (1.5 to 2 years after the start of the language course), the
positive effects are much greater in the bivariate probit model than in the probit
model. The employment effect of language training 24 months after its start is 3.4
percentage points and thus lower in the probit model. Thus, not controlling for
endogenous language training participation leads to underestimating employment
effects.

The results for a period of 24 months given in Fig. 1 indicate that negative
employment effects at the beginning of the observation period exceed positive
effects at the end. To see whether the positive trend of employment effects continues
and to assess if aggregated employment effects can be expected to turn positive, I
conducted a further analysis where I estimate the bivariate probit model for partic-
ipants who started a language training course between February and June 2014 and
non-participants with a hypothetical start date within this period (N=11,811). For
this group, I can extend the observation period by 6 months. The results can be found
in Appendix Figure 3. For the first 2 years, the pattern of marginal effects appears
similar to that found for all participants for February to December 2014 with the
exception of a dip in employment effects after 21 months. After 26 months, there is a
strong increase in employment effects, and positive effects after a certain point in
time offset and even outweigh the negative effects at the beginning of the observa-
tion period.

Table 4 Marginal regular employment effects of language training and first-stage results of the bivariate
probit model

Month after language training start 6 12 18 24

Bivariate probit

Participation in language
training

−0.088***
(0.011)

−0.027***
(0.015)

0.017
(0.018)

0.094***
(0.020)

First stage (dependent variable: participation in language training)

Language training intensity 2.081***
(0.486)

2.094***
(0.486)

2.095***
(0.488)

2.105***
(0.492)

Chi-square of test for exogeneity 3.571* 0.582 0.140 11.665***

Probit

Participation in language
training

−0.069***
(0.004)

−0.016***
(0.006)

0.011*
(0.006)

0.034***
(0.007)

Mean employment rate
of non-participants

0.136 0.185 0.218 0.245

N 35,431

Source: IEB V12.01.00, WGH V01.01.00-201604; Statistics of the German Federal Employment Agency;
German Federal Statistical Office

Note: All estimations include socio-demographic characteristics, labor market history, regional variables, and
time fixed-effects. */**/*** indicate significant marginal effects at the 10%/5%/1% level. Standard errors in
parentheses, clustered at the job center level
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5.2 Further labor market outcomes

So far, this analysis has concentrated on regular employment, i.e., employment
subject to social insurance contributions. To draw more detailed insights into types
of jobs and their quality, I show in this section how participation in the language
course affects further labor market outcomes. First, Table 5 presents the effects on
different types of employment 24 months after (hypothetical) treatment start. In
addition to regular employment in the second column, I consider total employment,
including regular and marginal employment, regular full-time employment and
regular employment for at least 6 months with the same employer. I also only
consider employment with a daily wage above the risk of poverty threshold (which
was 1033 € per month in Germany in 2014). Finally, I consider only skilled
employment, coding unskilled jobs as zero.

When comparing the results for total and regular employment, marginal employ-
ment only seems to play a minor role in the labor market prospects of the participants.
Additionally, the results for regular full-time and permanent regular employment for at
least 6 months show that the participants are more likely to find stable and substantial
employment. The results for skilled employment show that the employment effects are
not driven by people finding unskilled jobs. Given that only 15.5% of the non-
participants have a skilled job after 24 months, an effect of language training of 7.1
percentage points is substantial.

In addition, Table 6 shows the effects on (cumulated) earnings and cumulated
employment after 24 months as well as the effects on further labor market states:
apprenticeship training, unemployment, and non-registration in the data. As
(cumulated) earnings and cumulated employment are continuous variables, I use a
linear IV model instead of the bivariate probit model for estimating the effects of
language training on these outcomes, and thus I do not estimate an ATE here, but a
local average treatment effect for compliers.

The results for the other three labor market statuses show that participating in
language training does not significantly reduce the probability of being unemployed
but strongly reduces the probability of non-registration. Non-registration may mostly
reflect dropouts of the labor market but also, for example, remigration. The observed
absence of an effect of language training on unemployment but positive effects on
employment may be explained by the fact that language training keeps the participants
in the (German) labor market. Finally, although there is anecdotal evidence that
participants are likely to start apprenticeship training (which typically takes 2 to 3
years) after the language course, this is not confirmed by the analysis. The effect shown
in the IV model is positive but insignificant.

For daily income from employment (where missing income due to non-
employment is coded as zero), the effect of language training of 8.66 € is very
strong (the mean daily income of non-participants is 12.76 €) but insignificant.
The effects on cumulated outcomes are negative in the OLS models but positive
for the IV models. However, the effect on cumulated income is insignificant and
the effect on cumulated days in employment is significant only on the 10% level.
As shown in Section 5.1, the program has a strong lock-in effect and it takes more
than 2 years after the program starts to compensate for negative employment and
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income effects due to program participation in the first months of the observation
period.13

In sum, language training improves the employment prospects of participants
not only quantitatively but also qualitatively. The overall effect is not driven by
marginal employment, and participation increases the chances of finding a skilled
job by 45%. Although language training does not significantly reduce unemploy-
ment, it reduces the probability of leaving the (German) labor market. Considering
cumulated outcomes, 2 years after the start of the course, the lock-in effects of
language training are compensated but not outweighed by positive treatment
effects.

5.3 Heterogeneous effects

In this section, I analyze whether the effectiveness of language training differs for
different subgroups. I concentrate on regular employment subject to social security
contributions. First, Table 7 shows that the absolute employment effect for men 24
months after the (hypothetical) start of the program is 14.8 percentage points, and thus
twice as high as that for women. However, as the employment rate for women after 24
months is much lower than the employment rate for men (18.7 and 31.7% for female
and male non-participants, respectively), differences in the relative effects are less
pronounced. The majority of individuals in my sample have no vocational degree.
As language skills may be more important in qualified jobs, there could also be
differences by vocational qualification. The results listed in Table 7 show that with
8.9 percentage points, the employment effect of language training for individuals
without vocational or university degree is smaller after 2 years than the effect for
individuals with a vocational degree (18.0 percentage points). The effect is insignificant
and less pronounced for those with a university degree. Non-participants with the
highest levels of education may also improve their language skills through other means
or may even work in positions where English is the most important language in a
company.

Another interesting aspect concerns the timing of language training. On average,
participants start the language course 76 months after they enter the German labor
market as measured by the duration since the first observed spell in the IEB data. More
than one-quarter of the participants, however, entered the program within 2 years after
their first spell in the data (see Appendix Figure 2). Table 8 shows the employment
effects of language training 24 months, 25 to 60 months, and over 60 months after
entering the German labor market. The results show a negative correlation between the
effectiveness of language training and the duration individuals are observed in the
German labor market.14 Twenty-four months after its start, language training increases
the employment rate of individuals by 11.9 percentage points when starting within 2
years. For individuals observed in the data for more than 60 months, the effects are very

13 Restricting the sample to workers who (hypothetically) started a language training course between February
and June 2014 to extend the observation period by 6 months as in Section 5.1 strongly reduces the sample size.
As the estimates from the linear IV model are much less precise than those from the binary probit model, I do
not obtain significant effects for cumulated outcomes after 36 months for that small sample.
14 In line with this result, the employment effect of language training is smaller for long-term unemployed
workers (5.0 percentage points).
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small and insignificant in the case of bivariate probit estimates. These results indicate
that an early provision of language programs benefits the labor market integration of
migrants.

5.4 Robustness of the results

5.4.1 Robustness tests regarding eligibility for language training

Although all non-participants in the sample have a migration background and are
unemployed, which are two of the conditions for participation, I do not know if
they really meet the remaining eligibility criteria for the language training pro-
gram. In particular, I do not know whether they have German skills of a very basic
level, which is another prerequisite for participation. To avoid comparing partic-
ipants to non-eligible participants, I try to exclude individuals without German
skills and focus on a subsample of individuals with prior integration course
participation to identify appropriate non-participants. As more than 90% of all
integration course participants who finish the course pass the associated exams
with a language level of A2 or B1 (BAMF 2017), they should have obtained
language skills that are sufficient for participating in the language training pro-
gram. As the data do not provide information on whether integration course
participants passed the final exams, I only include individuals who attended an

Table 7 Marginal employment effects of language training and first-stage results of the bivariate probit model
24 months after start of language training by gender and vocational degree

Gender Vocational degree

Women Men No degree Vocational
degree

University
degree

Bivariate probit

Participation in language training 0.072***
(0.022)

0.148***
(0.034)

0.084***
(0.023)

0.180***
(0.052)

0.074
(0.078)

First stage (dependent variable: participation in language training)

Language training intensity 1.988***
(0.661)

2.244***
(0.446)

2.208***
(0.506)

1.937***
(0.619)

1.463
(0.924)

Chi-square of test for exogeneity 3.993*** 12.058*** 6.241** 5.477** 9.483***

Probit

Participation in language training 0.032***
(0.008)

0.038***
(0.011)

0.030***
(0.008)

0.065***
(0.017)

0.004
(0.020)

Mean employment rate of non-participants 0.187 0.317 0.221 0.316 0.302

N 20,179 15,252 24,897 6516 4018

Source: IEB V12.01.00, WGH V01.01.00-201604; Statistics of the German Federal Employment Agency;
German Federal Statistical Office

Note: All estimations include socio-demographic characteristics, labor market history, regional variables, and
time fixed-effects. */**/*** indicate significant marginal effects at the 10%/5%/1% level. Standard errors in
parentheses, clustered at the job center level
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integration course in the past for at least 2 months. I also include a variable for
days spent in integration courses in the past in my estimations and control for time
elapsed since the last day in such a course.

As a second condition for participation in the language program, language skills
must not be strong enough to successfully enter the German labor market. This
condition is more likely to hold for individuals completing an integration course
only recently and without much time to advance their German skills afterwards. As
the sample size becomes smaller the shorter the chosen time window for prior
integration course participation is, I present results for different time windows: for
individuals who attended an integration course at some time in the past and over the
last 1 or 5 years. For the subsample of individuals who attended an integration course
over the last year, it is reasonable to assume that participants and non-participants
did not have many possibilities to significantly advance their German skills in some
months.

Table 9 shows the marginal effects of language training on regular employment 24
months after its start for former integration course participants. The results for the
subsamples go in the same direction as the results for the full sample where the results
indicate that language training increases the employment probability by 9.4 percentage
points. For the first two subsamples (integration course taken in the past and over the
past 5 years), with 8.7 and 9.0 percentage points, respectively, employment effects are
only slightly smaller but only significant at the 10% level. For individuals attending an
integration course within the last year before (hypothetical) participation in language
training, the effect of 16.7% is even higher than the baseline estimates and highly
significant. Overall, the results are robust to restricting the sample to individuals with
basic German skills.

Table 8 Marginal employment effects of language training and first-stage results of the bivariate probit model
24 months after start of language training by duration since first observation

Duration since first observation in data Up to 24 months 25–60 months More than 60 months

Bivariate probit

Participation in language training 0.119***
(0.033)

0.069**
(0.033)

0.009
(0.029)

First stage (dependent variable: participation in language training)

Language training intensity 1.257***
(0.419)

1.436**
(0.562)

1.957***
(0.694)

Chi-square of test for exogeneity 4.008** 0.272 0.140

Probit

Participation in language training 0.063***
(0.015)

0.053***
(0.013)

0.018**
(0.009)

Mean employment rate of non-participants 0.273 0.258 0.223

N 9561 9208 16,662

Source: IEB V12.01.00, WGH V01.01.00-201604; Statistics of the German Federal Employment Agency;
German Federal Statistical Office

Note: All estimations include socio-demographic characteristics, labor market history, regional variables, and
time fixed-effects. */**/*** indicate significant marginal effects at the 10%/5%/1% level. Standard errors in
parentheses, clustered at the job center level
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5.4.2 Further robustness tests

The baseline sample used for this analysis includes non-participants with a similar
distribution of the variable measuring the duration from the first observation in the IEB
data as the participants. To determine whether the results are robust to this sample
selection procedure, I also run the estimations on the total sample (see Table 10). On
the other extreme, I apply one-to-one nearest neighbor matching on all individual
characteristics to generate a sample with even more similar treated and non-treated
individuals. The effects for the full sample are lower than those of the baseline sample
but are positive and highly significant whereas effects for the matched sample are even
stronger than they are for the baseline sample.

Moreover, the last column in Table 10 shows the results from a linear IV model. The
linear IV identifies a local average treatment effect (LATE) of 21.7 percentage points.
This effect can differ from the ATE obtained from the bivariate probit model. This is
this case, which indicates that there is effect heterogeneity and the bivariate probit
model is appropriate.

Finally, Table 1 shows that the treatment and control groups differ with respect
to certain characteristics, e.g., the country of origin and pretreatment status.
Appendix Table 12 shows that the results are robust to excluding certain groups
of immigrants.

Table 9 Marginal employment effects of language training and first-stage results of the bivariate probit model
24 months after start of language training—former integration course participants

Integration course participation Some time in the past Last 5 years Last year

Bivariate probit

Participation in language training 0.087*
(0.046)

0.090*
(0.047)

0.167***
(0.049)

First stage (dependent variable: participation in language training)

Language training intensity 2.961***
(0.894)

3.150***
(1.914)

2.532**
(1.112)

Chi-square of test for exogeneity 1.170 1.060 4.305**

Probit

Participation in language training 0.039***
(0.010)

0.044***
(0.010)

0.064***
(0.014)

Mean employment rate of non-participants 0.238 0.244 0.285

N 11,334 10,531 6040

Source: IEB V12.01.00, WGH V01.01.00-201604; Statistics of the German Federal Employment Agency;
German Federal Statistical Office

Note: All estimations include socio-demographic characteristics, labor market history, regional variables, and
time fixed-effects. */**/*** indicate significant marginal effects at the 10%/5%/1% level. Standard errors in
parentheses, clustered at the job center level
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6 Conclusion

Language barriers facing immigrants greatly hamper labor market integration.
Formal language training could help accelerate the integration process. In this paper,
I analyze employment effects of a language training program providing German
language training with a focus on employment-related topics on immigrants in
Germany.

The results of bivariate probit estimations show that after a lock-in period, partici-
pation in language training increases participants’ employment probability. Two years
after the start of the program, they show a higher employment probability of more than
nine percentage points. The results are not driven by marginal or low-skilled jobs, as
participants more likely to find stable and skilled work. Moreover, I find that the
language program is more effective when it is taken soon after entering the German
labor market.

The clearly positive effects found here stand in contrast to some results of the
(few) previous studies conducted on the effects of language training. This may be
attributable to the program’s strong orientation towards specific (linguistic) require-
ments of the labor market. Moreover, particular features of the program such as
application training and work placements go beyond the content of the commonly
very general language courses mainly offered to immigrants. Although it is probably
the combination of language training and the practical part that makes the program
successful, this study is not able to identify the relative contributions of the different
components.

Table 10 Marginal employment effects of language training and first-stage results of the bivariate probit
model 24 months after start of language training from robustness tests

Sample Full sample Matched sample (1:1 NN) Baseline sample

Bivariate probit Linear IV

Participation in language training 0.057***
(0.015)

0.154***
(0.049)

0.217*
(0.122)

First stage (dependent variable: participation in language training)

Language training intensity 0.756***
(0.126)

2.907***
(0.562)

2.786***
(0.465)

Chi-square of test for exogeneity 4.003** 5.779**

Probit OLS

Participation in language training 0.031***
(0.006)

0.034***
(0.006)

0.032***
(0.007)

Mean employment rate of non-participants 0.222 0.240 0.245

N 130,114 17,930 35,365

Source: IEB V12.01.00, WGH V01.01.00-201604; Statistics of the German Federal Employment Agency;
German Federal Statistical Office

Note: All estimations include socio-demographic characteristics, labor market history, regional variables, and
time fixed-effects. */**/*** indicate significant marginal effects at the 10%/5%/1% level. Standard errors in
parentheses, clustered at the job center level
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Previous studies on ALMP measures for immigrants have shown that the most
effective measures are those that enable contact with the labor market (Rinne
2013). As the language program examined in this study includes firm visits and an
internship, these additional features of the program may be important for its
effectiveness. Overall, providing language training with a strong focus on the
labor market seems to be a promising strategy and should be for other immigration
countries as well.

Due to observation numbers that are too low for some groups, I do not
distinguish between participants of different regions of origins. It would be even
more interesting to differentiate people according to the linguistic distance of their
first language from the German language. Although people from countries with a
more similar language can profit more from the examined course since they can
more easily learn German, the effects may also be stronger for individuals with a
very different first language. As such individuals will face more difficulties in
learning the language in everyday life, they may particularly benefit from formal
language training.

Appendix
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Fig. 2. Distribution of duration since first observation in the IEB data. Source: IEB V12.01.00, WGH
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Table 11 Mean values of control variables

Participants Non-
participants

High treatment
intensity
(≥median)

Low treatment
intensity
(<median)

Individual-level variables

Male 0.376 0.449*** 0.460 0.462

Age 36.101 33.318*** 34.110 33.654*

Age ≤30 at first spell in IEB data 0.347 0.523*** 0.467 0.496***

Children 0.559 0.428*** 0.468 0.441***

Marital status

Single 0.262 0.324*** 0.305 0.315

Married, separated 0.011 0.003*** 0.007 0.003**

Married 0.519 0.440*** 0.460 0.457

Divorced 0.012 0.005*** 0.009 0.007

Widowed 0.002 0.001*** 0.002 0.001

Unknown 0.194 0.227*** 0.217 0.218

Highest educational degree

No vocational degree 0.507 0.656*** 0.583 0.642***

German or unknown vocational degree 0.046 0.087*** 0.083 0.088

Higher secondary schooling degree and
no vocational degree

0.118 0.073*** 0.076 0.073
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Fig. 3. Marginal employment effects of language training on employment for participants starting between
February and June 2014 and all participants in the sample—bivariate probit models. Source: IEB V12.01.00,
WGH V01.01.00-201604; Statistics of the German Federal Employment Agency; German Federal Statistical
Office. Note: Dots indicate significance at the 5% level. Standard errors clustered at the job center level
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Table 11 (continued)

Participants Non-
participants

High treatment
intensity
(≥median)

Low treatment
intensity
(<median)

Higher secondary schooling degree and
German vocational degree

0.011 0.018*** 0.015 0.016

German or unknown university degree 0.030 0.025*** 0.027 0.024

Vocational degree abroad 0.132 0.077*** 0.116 0.090***

University degree abroad 0.156 0.064*** 0.101 0.067***

Schooling degree

No secondary degree 0.223 0.257*** 0.198 0.245***

Lower secondary degree 0.238 0.337*** 0.334 0.359**

Lower or middle secondary degree 0.011 0.032*** 0.021 0.025

Middle secondary degree 0.160 0.161 0.187 0.159***

Higher secondary degree
(Fachhochschulreife)

0.059 0.044*** 0.049 0.040**

Higher secondary degree
(Fachhochschulreife or Abitur)

0.031 0.029 0.034 0.030

Higher secondary degree (Abitur) 0.279 0.141*** 0.176 0.142***

Region of origin

EU countries 0.295 0.329*** 0.332 0.335

Turkey 0.108 0.204*** 0.137 0.173***

Russia 0.065 0.036*** 0.062 0.045***

Other European countries 0.071 0.109*** 0.099 0.106

North Africa 0.035 0.035 0.030 0.028

Other African countries 0.069 0.045*** 0.038 0.043

Near/Middle East 0.246 0.177*** 0.203 0.194

Other Asian countries 0.076 0.046*** 0.074 0.053***

America, Australia 0.036 0.019*** 0.025 0.023

Labor market history 1 year prior to (hypothetical) training start

Days in employment 25.421 33.825*** 35.910 41.093***

Days in job search 294.426 246.220*** 243.528 241.409

Number of job search episodes 1.085 0.869*** 0.913 0.917

Days in ALMP program 16.732 21.614*** 18.988 20.843

Number of episodes in ALMP program 0.224 0.199*** 0.200 0.209

Days with unemployment benefit receipt 18.444 13.908*** 14.963 18.119***

Days with unemployment benefit II
receipt

298.939 252.726*** 246.014 237.812**

Days with sickness absence during
unemployment

2.080 2.251 2.347 2.053

Number of episodes with unemployment
benefit receipt

0.136 0.134 0.147 0.173***

Number of episodes with unemployment
benefit II receipt

1.028 0.992*** 1.007 0.995
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Table 11 (continued)

Participants Non-
participants

High treatment
intensity
(≥median)

Low treatment
intensity
(<median)

Number of episodes with sickness
absence during unemployment

0.155 0.162 0.162 0.147

Mean wage 6.441 8.604*** 9.068 10.610***

Cumulated wage 984.575 1438.650*** 1498.759 1809.635***

Days in education 5.695 43.998 34.099 35.177

Days in self-employment 4.009 6.260*** 5.416 5.221

Days in military/civilian service 0.010 0.100* 0.143 0.044

Days on parental leave,
housewife/househusband

16.218 34.735*** 31.446 27.126**

Days in other measures 6.481 3.478*** 4.251 2.864***

Days with non-professional activities 0.510 1.115*** 1.471 1.149

Days with other status 48.325 90.801*** 83.987 76.925***

Number of episodes in education 0.034 0.188*** 0.148 0.154

Number of episodes of self-employment 0.023 0.031*** 0.029 0.025

Number of episodes on parental leave,
housewife/househusband

0.077 0.137*** 0.133 0.113***

Number of episodes in other measures 0.066 0.030*** 0.038 0.026***

Days in employment outside Germany 2.406 2.913 3.953 3.702

Labor market history 5 years prior to (hypothetical) training start

Days in employment 161.711 169.501* 167.646 195.395***

Days in job search 932.607 826.067*** 756.304 762.994

Number of job search episodes 1.571 1.204*** 1.257 1.325**

Days in ALMP program 64.265 85.300*** 77.962 81.172

Number of episodes in ALMP program 0.563 0.540* 0.551 0.537

Days with unemployment benefit receipt 40.176 37.728* 36.792 44.604***

Days with unemployment benefit II
receipt

940.603 842.649*** 757.181 754.865

Days with sickness absence during
unemployment

6.211 7.055** 6.465 6.456

Number of episodes with unemployment
benefit receipt

0.239 0.275*** 0.287 0.335***

Number of episodes with unemployment
benefit II receipt

1.366 1.475*** 1.430 1.488**

Number of episodes with sickness
absence during unemployment

0.408 0.479*** 0.426 0.420

Mean wage 1.621 1.592 1.310 1.635**

Cumulated wage 1373.180 1237.835 1046.881 1347.951**

Days in education 120.165 302.992*** 251.717 260.945

Days in self-employment 56.331 54.898 54.703 46.613*

Days in military/civilian service 1.760 1.248 2.399 0.919***
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Table 11 (continued)

Participants Non-
participants

High treatment
intensity
(≥median)

Low treatment
intensity
(<median)

Days on parental leave,
housewife/househusband

177.580 175.473 178.022 162.543*

Days in other measures 18.540 9.983*** 11.194 7.249***

Days with non-professional activities 2.937 4.357** 5.503 4.488

Days with other status 388.300 391.458 403.053 384.383*

Number of episodes in education 0.203 0.513*** 0.435 0.451

Number of episodes of self-employment 0.094 0.091 0.088 0.077*

Number of episodes on parental leave,
housewife/househusband

0.253 0.265* 0.264 0.243*

Number of episodes in other measures 0.135 0.064*** 0.075 0.049***

Days in employment outside Germany 135.151 87.165*** 130.882 113.647**

Months since first observation in data 76.089 77.236 67.850 72.024***

Duration of current unemployment spell
(days)

800.185 633.377*** 576.676 556.098

Integration course in the past 0.658 0.239*** 0.284 0.239

Last occupation

Missing 0.578 0.563** 0.575 0.530***

Armed forces occupations 0.000 0.000 0.000 0.000

Agricultural occupations, forestry 0.004 0.004 0.007 0.007

Occupations in horticulture floristry 0.005 0.006 0.006 0.008

Occupations involving
extraction/production of raw materials

0.001 0.001 0.001 0.002

Plastics and wood production and
processing

0.006 0.007 0.009 0.010

Occupations in paper production and
printing, technical media design

0.003 0.003 0.002 0.004

Metal production and processing 0.013 0.019*** 0.019 0.028***

Mechanical and automotive engineering 0.006 0.010*** 0.011 0.015*

Electrical occupations 0.004 0.004 0.006 0.006

Occupations in technical development,
production control

0.003 0.003 0.005 0.003

Occupations in textile industry 0.003 0.002* 0.002 0.003*

Food production and processing 0.055 0.048*** 0.054 0.065**

Occupations in construction planning,
architecture

0.000 0.000 0.000 0.001

Construction occupations 0.012 0.020*** 0.015 0.023***

Interior construction occupations 0.004 0.009*** 0.010 0.008

Occupations in supply engineering,
buildings

0.003 0.006*** 0.007 0.006

Occupations in biology, chemistry,
physics, mathematics

0.002 0.001 0.001 0.001
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Table 11 (continued)

Participants Non-
participants

High treatment
intensity
(≥median)

Low treatment
intensity
(<median)

IT occupations 0.000 0.000 0.000 0.000

Transport and logistics occupations 0.055 0.059 0.056 0.065*

Driver 0.008 0.015*** 0.011 0.014

Personal security occupations 0.006 0.008** 0.006 0.007

Cleaning occupations 0.082 0.065*** 0.058 0.064

Retail occupations 0.003 0.004 0.002 0.002

Sales occupations 0.026 0.039*** 0.030 0.035

Hotel/restaurant occupations, occupations
in tourism

0.049 0.041*** 0.050 0.039**

Management occupations 0.024 0.021* 0.020 0.016

Financial service occupations 0.001 0.001 0.001 0.001

Occupation in law and administration 0.001 0.001 0.001 0.000

Health care occupations 0.009 0.008 0.007 0.008

Non-medical health care occupations 0.005 0.008*** 0.007 0.008

Social occupations 0.018 0.012*** 0.012 0.012

Instructing and teaching occupations 0.002 0.002 0.001 0.003*

Economics, social science, linguistics 0.001 0.001 0.000 0.000

Occupations in advertising, marketing 0.005 0.005 0.005 0.002**

Product design 0.000 0.001 0.000 0.000

Artistic occupations 0.004 0.002** 0.002 0.001

Skill level last job

Missing 0.578 0.563** 0.575 0.530***

Unskilled 0.196 0.180*** 0.193 0.219***

Skilled 0.202 0.236*** 0.212 0.231**

Specialist 0.012 0.010 0.010 0.008

Specialist with highly complex activities 0.012 0.012 0.009 0.011

Status before (hypothetical) language training start

On parental leave, working as
housewife/househusband

0.019 0.095*** 0.080 0.068**

Marginal employment 0.162 0.173** 0.168 0.168

Job seeking 0.994 0.932*** 0.953 0.943**

Unemployment benefit receipt 0.082 0.081 0.089 0.105**

Unemployment benefit II receipt 0.932 0.841*** 0.844 0.822***

ALMP measure 0.068 0.096*** 0.098 0.084**

Education, trainee 0.010 0.114*** 0.085 0.091

Self-employment 0.004 0.013*** 0.010 0.009

Employment 0.015 0.050*** 0.045 0.052*

Regional-level variables

Unemployment rate foreign-born 19.495 18.654*** 16.728 15.652***
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Table 11 (continued)

Participants Non-
participants

High treatment
intensity
(≥median)

Low treatment
intensity
(<median)

Unemployment rate native-born 8.849 8.220*** 7.570 6.769***

Share of foreign-born among
unemployed

0.341 0.357*** 0.200 0.254***

Share of foreign-born in labor force 0.158 0.162*** 0.091 0.111***

Share of women among foreign-born 0.505 0.502*** 0.504 0.500***

Share of foreign-born age 25–29 0.146 0.144*** 0.144 0.142***

Share of foreign-born age 30–34 0.156 0.155*** 0.153 0.153

Share of foreign-born age 35–39 0.141 0.140*** 0.143 0.140***

Share of foreign-born age 40–44 0.115 0.115 0.116 0.114***

Share of foreign-born age 44–49 0.088 0.089*** 0.090 0.090

Share of foreign-born age 50 and older 0.122 0.124*** 0.130 0.131

Share of low-skilled among foreign-born 0.560 0.567*** 0.539 0.566***

Share of foreign-born from EU countries 0.263 0.264 0.280 0.287*

Share of foreign-born from Turkey 0.262 0.267*** 0.205 0.245***

Share of foreign-born from Russia 0.043 0.041*** 0.065 0.049***

Share of foreign-born from other
European countries

0.112 0.114*** 0.123 0.121

Share of foreign-born from North Africa 0.035 0.037*** 0.029 0.031**

Share of foreign-born from other African
countries

0.044 0.045 0.037 0.037

Share of foreign-born from Near/Middle
East

0.163 0.165* 0.164 0.160*

Share of foreign-born from other Asian
countries

0.059 0.053*** 0.083 0.060***

Share of foreign-born from America,
Australia

0.019 0.017*** 0.022 0.017***

Number of unemployed per vacancy 7.479 6.789*** 6.320 5.985***

Share of unemployed entering ALMP
programs

0.060 0.062*** 0.062 0.062

Intensities of ALMP programs for foreign-born

Placement budget 0.207 0.211* 0.301 0.264***

Activation/integration measures
(provider)

0.038 0.039*** 0.057 0.050***

Activation/integration measures
(employer)

0.191 0.203*** 0.186 0.193

Training 0.045 0.043*** 0.047 0.037***

Wage subsidies 0.016 0.015** 0.020 0.017***

Job creation scheme 0.039 0.038** 0.042 0.035***

Share of working population in

Agriculture and forestry 0.024 0.019*** 0.022 0.018***
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Table 11 (continued)

Participants Non-
participants

High treatment
intensity
(≥median)

Low treatment
intensity
(<median)

Production industry 0.224 0.207*** 0.210 0.201***

Manufacturing 0.210 0.192*** 0.197 0.187***

Construction 0.065 0.059*** 0.066 0.060***

Trade, transport, catering industry 0.288 0.279*** 0.260 0.259

Financial sector 0.227 0.213*** 0.170 0.157***

Public sector 0.357 0.340*** 0.333 0.312***

GDP per capita 42,257.76 43,025.41*** 36,697.863 36,490.527

Population density 2082.819 1784.332*** 1081.712 834.608***

Federal state

Schleswig-Holstein 0.028 0.031* 0.053 0.042

Hamburg 0.042 0.046 0.009 0.006

Lower Saxony 0.060 0.082*** 0.095 0.117*

Bremen 0.017 0.022*** 0.003 0.014***

North-Rhine-Westphalia 0.276 0.323*** 0.122 0.259***

Hesse 0.054 0.070*** 0.045 0.067***

Rhineland-Palatinate 0.039 0.043* 0.074 0.073

Baden-Württemberg 0.073 0.103*** 0.089 0.165***

Bavaria 0.097 0.095 0.194 0.152***

Saarland 0.011 0.010 0.007 0.021***

Berlin 0.236 0.120*** 0.102 0.004***

Brandenburg 0.015 0.008*** 0.050 0.020***

Mecklenburg-Vorpommern 0.010 0.007*** 0.039 0.013***

Saxony 0.028 0.021*** 0.047 0.017***

Saxony-Anhalt 0.005 0.008*** 0.020 0.013

Thuringia 0.009 0.008 0.049 0.016***

Lagged language training intensity 0.010 0.007*** 0.012 0.005

N 8968 24,463 1353 1353

Note: */**/*** indicate significant difference at the 10%/5%/1% level between participants and non-
participants or between monthly job center observations with high (≥median=0.0053) and low treatment
intensity (<median=0.0052)
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